¢
Ty
\f
it
| §

-

sy T
e o

~ Richard Moot

LaBRI (CNRS, Bordeaux), SIGNES (INRIA Bordeaux SW)
Richard.Moot@labr



mailto:Richard.Moot@labri.fr
mailto:Richard.Moot@labri.fr

Introduction

O This “booster” describes a wide-coverage
type-logical grammar for Fremeh, which
Ls betng developed with semantic
applications itn mino

O (will briefly describe the extraction
algorithm, the extracted grammar and a
first evaluation of the the grammar
using a supertagger
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The extraction algorithm

1. Blnarize the annotation
inserting “traces” for wh worods
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The extraction algorithm
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The extracted lexicon

O The extraction algorithm has been run on the 12.440
sentences (3#1.033 words) of the Pa ris VIl annotated
treebanke.

O A total of 815 different formulas have been assigneo
to the words tn the corpus.

Mawny frequent words have a large number of
assigwned formulas, eg. “et” (F1) “comme” (42),
“oct” (37), ”ql/(,i«” (14).




The extracted lexicon

O

Formula
assignments to the
present temse verb
form “fait”

124 0CCUrTENCES Ln
the corpus with 19
different formulas
assigwned to Lt.

(np\s)/np
((Wp\s)/pp_de)/np)
(Wp\s)/ (Wp/s_tnf)
((wp\s)/pp_a)/wp
((np\s)/np)/ (Wp\s_tnf)
other




The extracted lexicon

O Formula assignments
to the comma “,”

21,332 OCCUYYEWCES, 58

different formula
asstgnments

wo formula

(Wp\np)/np

(W\w)/n

(Wp\np)/n

(s\s)/s

((Wp\s)\(np\s))/ (Wp\s))
(W N\ (W\) )N (n\w) )
other




The extracted lexicon

O The large number of assigwned Lexical categories
becomes a hinodrance to parsing.

O A well-kRinown solution to this problem is to use a
supertagger which assigwns each word-POS pair its
most Likely Lexieal category based on parameters
estimated from the local context.

O BY assigning each word all supertags within a
certain probability window of the most Likely
supertag, we can tncrease the coverage.




Evaluation

0O Supertagger performance
ls 90.7% for a single
tagger and 92.4% for a
multitagger which
assigns (own averaoe) 4.7
supertags to each word.

this s the same level of
performance as the best
supertaggers for
English.

ABR
AD)
ADV
PET
KON
NAM
NOM
NUM
PRO
PRP
PUN
SYM
VER
Totals




O A wide-coverage type-logieal grammar
for Fremch has been developed with

semantLe appLLaatiows L .

O evaluation using a supertagoer gives
state-of-the art performance

O Model files are distributed under the
LGPL Llicense.
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